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Abstract—In this paper, we apply predictive data mining 

techniques on data related to the game of Cricket. We employ 

decision trees to predict different types of performances of teams, 

and also of players. Our paper presents the first step in 

presenting a thorough analysis of the Pakistani team, as well as of 

several players. The results reveal interesting rules that can help 

in the selection of the relevant players along with predicting the 

winning and losing occurrences of the team.  
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I. BACKGROUND AND MOTIVATION  

Cricket is a team game played with bat and ball. Each team 
comprises 11 players and the main objective is to outscore the 
opposing team in terms of runs scored. It is an outdoor game 
(played in a round field) and the main focus of the game is on a 
22-yard long pitch at the centre of the field. The general flow 
of the game is such that one team bats, tries to score as many 
runs as possible and sets up a target for the bowling side. The 
team that is bowling tries to limit the flow of runs and take 
wickets (dismissing batsmen) to cause pressure on the batting 
team. Then the roles are reversed and the team batting second 
tries to chase down the target set the team batting first within 
an allocated number of balls (equal for both batting sides). 
Cricket is mainly popular in South Asia, Australia, South 
Africa, England and the Caribbean Islands.  Teams from these 
parts of the world regularly compete against each other, either 
in bilateral series or in multi-nation tournaments. 

A major problem is that cricket matches are generating a lot 

of data, but proper analytical techniques are not being applied 

to judge the performance of a team, or player. Almost all 

cricket boards adopt a manual method of player/team 

selection, which could possibly trigger biasness in selection 

and could ultimately hide the true talent of the players. In this 

paper, we cater for this need by applying data mining 

techniques on cricket statistics. Specifically, we make 

predictions regarding the performance of the cricket team and 

cricket players, by applying data mining techniques on a 

cricket database. To this end, we employ a well-known 

decision tree algorithm [11]. The scope of predictions is 

limited to Pakistan cricket team, and several manually-

selected Pakistani cricket players. The prediction is made for 

all three cricket formats, i.e., Test, ODI and T20. Our results 

will allow the selection of the best team from all the 

departments - batting, bowling or fielding. If the results of 

data mining for a particular player differ from the actual 

performance in current times, then it could lead to 2 

conclusions: either the player is totally out of form, or there is 

some chance of match-fixing. The same applies at team-level 

data mining too. Our results provide us a detailed analysis 

concerning the different situations which can lead Pakistan to 

win (or loose) their matches, or can lead different batsmen 

players to make high (low) scores.  

 
Moreover, as part of future work, we aim to apply the same 

performance prediction techniques for bowlers and wicket-
keepers, and we will also take this project further to the level of 
building a match-fixing detection software.  Through analysis 
of performances during different parts of particular cricket 
matches and by using neural networks algorithm of multi-layer 
back propagation, we will aim to detect moments where there 
is strong hint of match-fixing or spot fixing done by Pakistan 
Cricket Team.  

II. RELATED WORK  

Sports Data Mining is a relatively new field which is gaining 
a lot of popularity. Alongside cricket, mining projects related to 
other sports such as football, baseball, basketball, and F1 
racing (car racing) has also been done [9] [10].

  
Focusing 

especially on cricket, in New Zealand, data mining software 
has been made for New Zealand cricketers for one day 
internationals only, and it has been made on team level. 
Moreover, it has been made for the domestic cricket structure 
in that country [3]. More over in India, some students did data 
mining on data of Indian Cricket Team. However, the decision 
trees which they made were based on numeric data. It did not 
include categorization of data and this creates a lot of diversity 
in data classification while building decision trees [4] 
[5].methodology  

As mentioned previously, we have applied mining at the 
team level and player level. Player level has been further 
divided into Batsmen, Bowler and Wicket-Keeper Level. Until 
now, we have worked on Team Level and Batsmen Level (See 



Table 1 and Table 2). For each of these 2 levels, there have 
been 3 phases that have been applied. First phase was “Data 
Collection”, second phase was “Data Pre-Processing” and 
finally the third phase was “Tree Induction – CHAID 
Algorithm”. Details about each of these phases are described as 
follows:-  

A. Data Collection 

The data has been collected from the website 
www.espncricinfo.com.  On this website, by running different 
queries in the ‘Statsguru’ section [6], the statistics were 
imported. There were no copyright issues in regards to data 
collection for research-related purposes from the 
aforementioned website. A need for weather and pitch related 
data was also there as weather and pitch conditions also play a 
critical role in the outcome of a cricket match. For reports of 
different international pitches, Wikipedia, 
www.espncricinfo.com and the website 
www.cricketnext.in.com was used.  

As for data collection of weather, the sources that have 
been used are Wikipedia, www.weather.com and 
www.weatherspark.com. The weather at the start of the match 
(whether it is ODI, Test or T20) has been considered during the 
data collection. The data collection was done on a match by 
match basis at team level and innings by innings level basis at 
batsmen level. Microsoft Excel was used to store the data 
repository of this research project. 

TABLE 1 – TEAM LEVEL DATA CLASSIFICATION 

Pakistan ODI Record 
(2001-present) 

Pakistan ODI Wins 

Pakistan ODI Defeats 

Pakistan All ODI Matches 

Pakistan Test Record 
(2001-present) 

Pakistan Test Wins 

Pakistan Test Defeats 

Pakistan Test Draws 

Pakistan All Test Matches 

Pakistan T20 Record 
(2006-present) 

Pakistan T20 Wins 

Pakistan T20 Defeats 

Pakistan All T20 Matches 

 

TABLE 2 – BATSMEN LEVEL DATA CLASSIFICATION 

Test Batsmen ODI Batsmen T20 Batsmen 

Kamran Akmal Kamran Akmal Kamran Akmal 

Misbah-ul-Haq Misbah-ul-Haq Umer Akmal 

Younis Khan* Shoaib Malik* 
Mohammad 

Hafeez 

*Pre-2001 data of these players has not been considered 

For batsmen level data of Test matches, separate files for 
both the first innings and the second innings were maintained 
for each batsman. 

TABLE 3 – TEAM LEVEL ATTRIBUTES (ALL FORMATS) 

Attribute Discretization 

Opposition 

Team 

India, Bangladesh, Srilanka, 

Australia, New Zealand, England, 

South Africa, Zimbabwe and West 

Indies 

Venue Country 

 
Country in which match is played  

Weather 
Sunny, Overcast, Sunny-Windy, 

Overcast-Windy 

Pitch Report Green, Bouncy,  Slow, Dry 

Humidity 
High (humidity>70%) 

Low (humidity<=70%) 

Time Day, Day/Night (for ODI only) 

City 

 

City where the match is being 

played. 

First Batting 
True if his team Batted first, else 

False. 

Date Month 

Match Result Either Win or Lose. 

 

B. Data Pre-Processing 

 For each particular scenario, a set of attributes have been 
considered, and for each cricket match (with respect to the 
bounds of the scenario), the data in the attributes is filled. 
These attributes are described in detail in Table 3 (team), Table 
4 (ODI Batsman), Table 5 (Test Batsman) and Table 6 (T20 
Batsman) respectively. We will not explain all of them in text 
as they are self-explanatory. Some other comments are as 
follows. The attributes can be considered as columns and the 
cricket matches can be considered as rows. Thus a matrix is 
formed and this matrix is your complete input data set for the 
next phase (i.e Tree Induction, the decision tree part). 

When data collection was done, most of the data gathered 
was in uncategorized form. It was mainly in either numeric 
form or in detailed text. So there was a need of transformation 
of data into defined classes for ease of data mining via decision 
trees. The transformation steps that were taken during data pre-
processing are as follows:- 

 Weather reports extracted via sources mentioned in 
data preprocessing were collected with respect to four 
defined classes. 1) Sunny (few clouds in sky with low 
or moderate breeze), 2) Overcast (very cloudy with 
low or moderate breeze, slight rainy), 3) Sunny-
Windy(few clouds in sky with high breeze), 4) 
Overcast-Windy(very cloudy with a high breeze, 
heavy rain) 

 Humidity was given in percentage form. That was 
classified into High and Low. 

 



TABLE 4 – ODI BATSMEN ATTRIBUTES 

Attribute Discretization 

Runs Scored 

Low (Runs < 30) 

Medium (30 <= Runs < 50) 

High (Runs >= 50) 

Strike Rate 

Low (SR < 70) 

Medium (70 <= SR < 130) 

High (SR >= 130) 

Batting Position 

Opener (if position 1 or 2) 

Middle (if position 3, 4 or 5) 

Lower (if position 6, or 7) 

Tail (if 8, 9, 10 or 11) 

Boundaries numeric value 

Sixes numeric value 

Opposition Team Same as in previous tables 

Date Month 

Survive 
True if batsman remained Not 

Out, False if batsman got out 

Dismissal 

Either Caught, Bowled, LBW, Run 

Out or Stumped. Not Out if 

batsman survived 

First Batting 
True if his team Batted first, else 

False 

Match Result Either Win or Lose 

Weather Same as in previous tables 

Humidity Same as in previous tables 

Pitch Report Green, Bouncy,  Slow, Dry 

Time Day, Day/Night 

 

 Attributes which gave output of either a 1 or 0 were 
transformed into True or False respectively. 

 Date was converted into Month format. 

 Some numeric attributes like Runs Scored and Strike  

TABLE 5 – TEST BATSMEN ATTRIBUTES (for particular innings) 

Attribute Discretization 

Runs Scored Low (Runs < 35), 

Medium (35 <= Runs < 70), 

High (Runs >= 70). 

Opposition 

Team 

Same as in previous tables 

Date Month 

Batting order Same as in previous tables 

Survive True if batsman remained Not Out, False 

if batsman got out 

Dismissal Same as in previous tables 

Innings 

Number 

Innings number of team for which 

batsman is playing. Either First, Second, 

Third or Fourth 

Match Result Either Win or Lose 

Humidity Same as in previous tables 

Venue 

Country 

Country where the match is being played 

Pitch Report Green, Bouncy, Slow or Dry 

Weather Same as in previous tables 
 

TABLE 6 – T20 BATSMEN ATTRIBUTES 

Attribute Discretization 

Runs Scored Low (Runs < 20), 

Medium (20 <= Runs < 40), 

High (Runs >= 40). 

Strike Rate Low (SR < 100), 

Medium (100 <= SR < 150), 

High (SR >= 150). 

Boundaries Numeric value 

Sixes Numeric value 

Opposition 

Team 

Same as in previous tables 

Date Month 

Batting 

Position 

Same as in previous tables 

Survive True if batsman remained Not 

Out, False if batsman got out 

Dismissal Same as in previous tables 

First Batting True if his team Batted first, else 

False 

Weather Same as in previous tables 

Humidity Same as in previous tables 

Pitch Report Green, Bouncy, Slow or Dry 

Venue 

Country 

 

Country where the match is being 

played 

Match Result 

 

Either Win or Lose 

 

 Rate were classified into Low, Medium and High. 

Batting position was classified into Opener, Middle, Lower 

and Tail. Innings number in Test matches was converted into 

text. As mentioned in the Data Collection part, two files will 

be maintained for each batsman for Test Matches. The first 

file will be for data of First innings of a particular batsman’s 

Test Career, and likewise, a second file (with attributes same 

as in the first file) for data of Second innings will also be 

maintained. 

C. Tree Induction – CHAID Algorithm 

CHAID Algorithm was designed by Kass, G. V. in 1980 

[7].  According to Ripley, 1996, the CHAID algorithm is a 

descendent of THAID developed by Morgan and Messenger 

in 1973 [8]. The acronym CHAID stands for Chi-squared 

Automatic Interaction Detector. CHAID will "build" non-

binary trees. It is a relatively simple algorithm that is 

particularly well suited for the analysis of larger datasets. 

CHAID technique will construct trees, where each (non-

terminal) node identifies a split condition on attributes, to 

yield optimum prediction or classification of the label. 

CHAID algorithm relies on the Chi-square test to determine 

the best next split at each step [8]. The algorithm proceeds 

as follows:- 

 

1) Preparing predictors:-  



Create categorical predictors out of any continuous 

attributes by dividing the respective continuous distributions 

into a number of classes (Although this was part of the 

algorithm but for this research this task was done during pre-

processing of data for customized class distribution)
 [8]

.  

 

2) Merging categories: -  

Traverse the attributes to determine for each attribute the 

pair of classes that is least significantly different with respect 

to the label: compute a Chi-square test (Pearson Chi-square) 

for each pair of classes in each attribute; If the respective Chi-

square test value for a given pair of attribute classes is 

insignificant (greater than an alpha-to-merge value), then it 

will merge the respective attribute class pair to a single class 

and repeat this step. If the statistical Chi-square test value for 

the respective pair of attribute classes is significant (less than 

the respective alpha-to-merge value), then it will compute a 

Bonferroni adjusted p-value for the pair of classes for the 

respective attribute (After this an adjusted p-value for each 

pair of classes in each attribute will have been computed)
 [8]

. 

 

3) Selecting the split variable 

Choose the split attribute (The attribute which is most 

significant (containing the pair of classes with the smallest 

adjusted p-value)) and use it to split, ; if the smallest 

(Bonferroni) adjusted p-value for any attribute is insignificant 

(greater than some alpha-to-split value), then no further splits 

will be performed, and the respective node is a terminal node 

[8]. 

 

4) Stopping Condition:- 

Continue this process until no further splits can be 

performed (given the alpha-to-merge and alpha-to-split 

values). 

 

5) Constraint:- 

When the input data is complex and contains many 

different classes, and many possible attributes, then the 

resulting tree can become very large. This is not a 

computational problem ,rather it is a problem of presenting the 

trees in a manner that is easily understandable for presentation 

[8]. 

 

III. RESULTS AND DISCUSSION  

The results that have been derived from this research are in 

the form of predictive rules which have been extracted from 

decision trees generated by the CHAID algorithm. In total, 18 

CHAID decision trees were made. Figure 1 shows the decision 

tree for the batsman Kamran Akmal (scoring in T20 format), 

and Figure 2 and Figure 3 show Pakistani team predictions in 

T20 (defeats) and Test matches (wins) respectively. 
 

 
Figure 1 – Kamran Akmal T20 Decision Tree. 

 

 
Figure 2 – Pakistan T20 Defeats 

 

The numbers along with each leaf of the decision tree show the 

number of cases from which this leaf has been made (number 

labeling has been done with respect to color coding of leaf). A 

predictive rule is actually a path from the root (top most node) 

to the leaf (bottom most node with no further sub-divisions). 

All noteworthy rules generated via these CHAID decision 

trees are shown in the following tables (Table 7 – Table 24).  



 
 

Figure 3 – Pakistan Test Wins 
 

TABLE 7 – Test Matches Rules 

Bat second, Opposition Australia (1 win, 7 defeats) 

 

Bat second, Opposition Bangladesh (8 wins, 0 defeats) 

 
TABLE 8 – ODI Matches Rules 

Opposition Australia:  

 Overcast weather, Low Humidity (4 wins, 0 defeats) 

 Sunny-Windy weather (5 wins, 2 defeats) 

 

Opposition Bangladesh: Perfect Record (23 wins) 

Opposition England: Venue UAE (zero wins, 4 defeats) 

 

Opposition India: 

 Overcast-Windy weather (1 win, 4 defeats) 

 Low Humidity, Day/Night match (0 wins, 3 defeats) 

 Venue India (zero wins, 3 defeats) 

 

Opposition New Zealand: 

 Overcast-Windy weather (5 wins, 0 defeats) 

 Sunny weather, Low Humidity, Day/Night match (6 

wins, 2 defeats) 

 

Opposition South Africa: High Humidity, Bouncy pitch, 

Day/Night match, First Batting No (0 wins, 3 defeats) 

 

Opposition Srilanka: 

 High Humidity, Dry Pitch, Venue Srilanka, 

Day/Night match (1 win, 5 defeats) 

 Low Humidity, Venue UAE(3 wins, zero defeat) 

Opposition West Indies: (18 wins, 7 defeats) 

Perfect record against Zimbabwe (21 wins) 
 

 

TABLE 9 – T20 Matches Rules 

First Batting yes: 

 Overcast weather (8 wins, 1 defeat) 

 Overcast-Windy (1 win, 4 defeats) 

 Sunny Weather (9 wins, 4 defeats. 

 Sunny-Windy weather (5 wins 2 defeats) 

 

First Batting no: Overcast weather, High Humidity, 5 wins 

zero defeats 

 
TABLE 10 – T20 Wins Rules 

Sunny-Windy weather: (First Batting: 5 wins, Second Batting: 

1 win)   

 

Sunny weather: 

 High humidity, (First Batting: 3 wins, Second 

Batting: 1 win) 

 Low humidity, opposition New Zealand, (Batting 

First: 2 wins, Batting Second: 0 wins). 
 

TABLE 11 – ODI Wins Rules 

Opposition Australia, Batting first: 10 wins, Batting second: 5 

wins 

Opposition Bangladesh  

 Venue Bangladesh, (Batting First: 7 wins, Batting 

Second: 2 wins) 

 Venue Pakistan, Slow Pitch, Day/Night match, Low 

Humidity (Batting First: 3 wins, Batting Second: 0 

wins) 

 

Opposition Srilanka, Day/Night match  

 Dry Pitch, Venue Srilanka (Batting First: 3 wins, 

Batting Second: 0 wins). 

 Slow Pitch, (Batting first: 0 wins, Batting second: 5 

wins). 

 Overcast weather, (Batting first: 0 wins, Batting 

Second: 3 wins). 

 

Opposition Zimbabwe  

 Dry Pitch, (Batting First: 6 wins, Batting Second: 1 

win) 

 Slow Pitch, Day/Night match, Low Humidity, 

(Batting First: 0 wins, Batting Second: 3 wins) 

 

TABLE 12 – Test Wins Rules 

Sunny Weather ,  

 High Humidity, Slow Pitch, (Batting First: 2 wins, 

Batting Second: 7 wins) 

 High Humidity , Bouncy pitch, (Batting First: 0 wins, 

Batting Second: 2 wins) 

 Low humidity, Venue Pakistan, (Batting First: 2 

wins, Batting Second: 4 wins). 

 Low humidity, Venue UAE, (Batting First: 2 wins, 

Batting Second: 0 wins). 
 

 

 
 



TABLE 13 – Test Defeats Rules 

Sunny-Windy weather, Opposition Australia, (Batting First: 0 

defeats, Batting second: 3 defeats). 

 

Sunny weather, Opposition Srilanka, Venue Srilanka, (Batting 

First: 0 defeats, Batting second: 2 defeats). 

 

Overcast-Windy weather, Opposition West Indies, (Batting 

First: 0 Defeats, Batting second: 2 defeats). 
 

TABLE 14 – ODI Defeats Rules 

Opposition South Africa, Dry Pitch, (Batting First: 1 defeat, 

Batting Second: 4 defeats). 

 

Opposition West Indies, Overcast weather, (Batting First: 0 

defeats, Batting Second: 3 defeats). 

 

Opposition Australia, Dry pitch, (Batting First: 2 defeats, 

Batting Second: 5 defeats). 

 

Opposition New Zealand, Sunny Weather, (Batting First: 7 

defeats, Batting Second: 4 defeats). 
 

 

TABLE 15 – T20 Defeats Rules 

Overcast-Windy weather, Humidity High, (Batting First: 3 

defeats, Batting Second: 1 defeat). 
 

 

TABLE 16 – Younis Khan Test Match Rules 

Innings number First, Batting position middle, (7 high scores, 

8 medium scores, 14 low scores) 

 

Innings number second, batting position middle, humidity 

high, (7 high scores, 5 medium scores, 11 low scores).  

 

Innings number Third, batting position middle, (6 high scores, 

7 medium scores, 15 low scores).  

  

Innings number fourth, (batting position middle, high 

humidity, 3 high scores, 1 medium score, 11 low scores). 
 
 

TABLE 17 – Kamran Akmal Test Match Rules 

When its Pakistan’s First Innings:- 

 Opposition Srilanka, (6 low scores, 1 High score). 

 Opposition England, (7 low scores, 2 medium scores, 

1 high score). 

 Opposition India, (7 low scores, 1 medium score, 3 

high scores). 

 Opposition Australia, December, (3 low scores). 

 

When its Pakistan’s second innings:- 

 Innings Number Fourth, (1 High score, 2 medium 

scores, 15 low scores) 

 Innings Number third, (3 high scores, 2 Medium 

Scores, 17 Low Scores). 
 

 

 

TABLE 18 – Misbah-ul-Haq ODI Rules 

First Batting yes, Batting position Lower, Sunny weather, high 

humidity, 1 medium score, 4 low scores. 

 

First Batting No, Batting position Lower, 2 medium scores, 7 

low scores. 

 

First Batting No, Batting Position Middle, Sunny-Windy 

weather, low humidity, 1 medium score and 5 low scores. 
 

TABLE 19 – Shoaib Malik ODI Rules 

Batting Position Lower, 41 Low Scores 

 

Batting position Tail, 7 low scores, 1 medium score 

 

Batting Position Middle 

 Date September , 12 low scores 

 Date October, First batting no, weather sunny-windy, 

2 high scores 

 

 

TABLE 20 – Kamran Akmal ODI Rules 

Batting Position Lower, First Batting No, (11 Low scores, 1 

high score, 1 medium score). 

 

Batting Position Tail,  

 First batting yes, (11 Low). 

 First Batting No, Weather Overcast, (3 low scores). 

 

Batting Position Opener, 

 Opposition India, (10 low scores, 1 medium score) 

 Opposition Australia, (8 Low Scores,3 medium 

scores) 

 

Batting Position Middle, (11 Low scores, 2 Medium scores, 

3 High scores). 
 
 

TABLE 21 – Misbah-ul-Haq Test Match Rules 

When its Pakistan’s First Innings:- 

 Batting order middle, Humidity Low  

 Opposition India, (2 high scores). 

 Opposition Australia, (2 low scores) 

 Batting order Middle, Humidity high, Bouncy Pitch, 

(1 low score, 3 medium scores) 

 

When its Pakistan’s Second innings:- 

 Batting order Lower, Innings Number Fourth, (3 Low 

Scores) 

 Batting order Middle, Innings Number fourth, 

Humidity high, (6 low scores 1 medium score). 

 Batting order Middle, Innings Number Third, (8 low 

scores, 1 medium score,1 high score) 

 

TABLE 22 – Kamran Akmal T20 Rules 

Lower Batting position, (4 Low scores)  

 

Middle Batting Position, First Batting no, (6 low scores, 2 



medium scores, 2 high scores). 

 

Opener Batting Position, First Batting no, (1 medium score, 4 

low scores) 

 

Tail Batting Position, (3 low scores). 
 

TABLE 23 – Umer Akmal T20 Rules 

Middle Batting Position, First Batting yes 

 Low Humidity, 5 low scores, 5 medium scores, 1 

High Score. 

 High Humidity, Dry Pitch, 2 low scores 

 
TABLE 24 – Mohammed Hafeez T20 Rules 

First Batting yes, Batting position middle, sunny weather, (4 

low scores). 

  

First Batting no, Batting position opener, Sunny-Windy 

weather, (2 medium scores, 7 low scores). 

 

It is important to explain the rules in these tables to grasp 

their importance. Due to space constraints, we will explain one 

rule from each table as follows: 

 Table 7: Whenever Pakistan bats second against 

Australia, there is an 88% (7/8) chance of defeat 

 Table 8: In playing ODI against Australia, Pakistan 

have a 100% chance of winning if the weather is 

overcast and humidity is low, and a 72% (5/7) 

chance of winning in Sunny-Windy weather 

 Table 9: If Pakistan bat second in T20 matches,  they 

have a 100% chance of winning in overcast 

weather and high humidity 

 Table 10: If Pakistan bat first in T20, they have a 

84% (5/6) chance of winning in Sunny-Windy 

weather 

 Table 11: In playing against Australia in ODI format, 

there is a 67% (10/15) chance of winning while 

batting first 

 Table 12: In Test format, with sunny weather, high 

humidity and a slow pitch, Pakistan have a 78% 

(7/9) chance of winning batting second 

 Table 13: In playing Tests against Australia, 

Pakistan have a 100% losing record while batting 

second 

 Table 14: In playing ODI against South Africa on a 

dry pitch, Pakistan have a 80% (4/5) chance of 

losing while batting second 

 Table 15: In playing T20 in Overcast-Windy weather 

with high humidity, Pakistan have a 75% (3/4) 

chance of losing while batting first 

 Table16: If batsman Younis Khan bats at middle 

order position in the first innings of  a Test match, 

there is almost 50% chance (14/29) that he makes  

a low score 

 Table 17: If batsman Kamran Akmal is playing in 

the third innings of a test match, there is a 84% 

(15/18) chance that he makes  a low score 

 Table 18: If batsman Misbah-ul-Haq bats in the 

second innings of an ODI at a lower position, there 

is only a 23% (2/9) chance that he makes a 

medium level score 

 Table 19: Batsman Shoaib Malik has a 100% record 

of making a low score in ODI when he bats at a 

lower position 

 Table 20: Batsman Kamran Akmal has only a 19% 

chance (3/16) of making a high score in ODI 

format 

 Table 21: When batsman Misbah-ul-Haq bats in a 

test match in first innings, at the middle order in 

conditions of low humidity, he has a 100% record 

of making a high score against India 

 Table 22: Batsman Kamran Akmal has  a100% 

chance of making a low score in T20 format, while 

batting at a lower position 

 Table 23: Batsman Umer Akmal has a 46% (5/11) 

chance of making a medium score while batting in 

the middle order in T20 format 

 Table 24: When Pakistan bats first in T20 in sunny 

weather, batsman Muhammad Hafeez has a 100% 

chance of making a low score while batting at 

middle-order. 

By looking at these explanations, one can understand the 

particular conditions in which the Pakistani team is going to 

win (or loose), along with the conditions in which a given 

batsman is going to score lesser or more runs. These decisions 

are very crucial in the selection of the players, and the team as 

well. We note that the data from which these predictive rules 

are derived, it is untested because at the present time, Pakistan 

cricket team is not playing any international cricket. The 

predictive rules will be tested in the upcoming future, the 

earliest being the December 2012 India-Pakistan cricket 

series.   

IV. CONCLUSIONS AND FUTURE WORK 

     In this paper, we have applied predictive data mining 
techniques on the database of cricket records of the Pakistani 
team (as a whole), and also of several Pakistani batsmen. We 
believe these results are very useful in assisting the cricketing 
authorities in selecting the players based on diverse attributes 
such as pitch report, weather, opposition, venue country etc. 
Our predictions are available for all the three cricket formats, 
i.e., one day international (ODI), test match, and T20 matches. 
We are currently designing a visualization software to 
represent these rules interactively to the cricketing authorities. 

     As part of the future, we are currently completing our 
analysis of the Pakistani bowlers and wicket keepers. Then, we 
will address the second part of this research, which concerns 
match fixing. Match fixing has now become a catastrophic 
problem and has badly tarnished the spirit of the game. If we 
look at the history of cricket, we can find many such cases. The 
first match fixing case in the history of cricket was recorded at 
the year 1817 around 195 years ago, when a British officer 
resorted to match fixing in order to win the game [1].  These 
days, glamorization and commercialization affects the 



performance of many players. For the last two decades, several 
match-fixing cases were detected, but no drastic measures were 
taken to tackle them. Some of the well-known spotted players 
are Salman Butt, Muhammad Asif, Muhammad Amir, and 
Saleem Malik from Pakistan, Hansie Cronje, and Herschelle 
Gibbs from South Africa, Muhammad Azharuddin, Manoj 
Prabhaker, Ajay Jadeja, and Ajay Sharma From India, Marlon 
Samuels from West Indies and Maurice Odumbe from Kenya 
[2]. 

     In match fixing, we don’t claim that it will give a 100% 
result, but it will help to distinguish between a normal player 
and a suspected player. Our research will be a good sign for 
Pakistan as well because our country in infamous for match 
fixing but, our research will show that we have some positive 
minds who wants to prevent the cricket as well as Pakistan 
from this infirmity 
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