
                                IJRIT International Journal of Research in Information Technology, Volume 2, Issue 8, August 2014, Pg. 90-95 

Y. Bharath Kumar Chowdary, IJRIT                                                                                                                    90 

 

 

                                                            International Journal of Research in Information Technology (IJRIT) 

                                   www.ijrit.com            ISSN 2001-5569 

 

Mining comparative sentences and information extraction  

Y. Bharath Kumar Chowdary    Y. Suresh  

Layola Institute of Technology and Management                         Layola Institute of Technology and Management                           

Computer Science and Engineering    Assistant professor in CSE 

Guntur, AndhraPradesh,India                               Guntur, AndhraPradesh,India                              

bharathyalavarthi6476@gmail.com      sureshyallamati@gmail.com 

 

Abstract- Information extraction is a form of not deep wording processing that gives position of a detailed group of on the 

point items in a naturaManguage document. Systems for this work have need of important domain-specific knowledge and are 

time-consuming and hard to make by hand, making them a good use for machine learning. We present a system, that uses 

twos of example printed materials and made full templates to make come about pattern-match rules that directly clear 

substance fillers for the machines of chance in the template, which makes into company techniques from several way of 

discovery from examples reasoning programming systems and gets unlimited designs that join forces to limit on the words, 

part-of-speech loose ends, and semantic classes present in the filler and the all round, near by wording. We present 

encouraging testing results on two fields (of knowledge). 

 

1. Introduction 

      Comparison thing which might take the place of other selections is one essential step in decision-making that 

we do every day. For example, if someone is interested in certain products such as by numbers, electronic 

cameras, he or she would need to have knowledge of what the things which might take the place of another are 

and make a comparison different cameras before making a thing got for money. This letters used for printing of 

comparison operation is very common in our daily existence but has need of high knowledge expert knowledge. 

Paper books coming out regularly such as user statements and PC store for gunpowder, arms and connected thing 

by which something is done such as CNet.com attempting in making ready part giving paper's opinion 

comparison what is in and general views to free from doubt this need. In the World Wide net of an insect time, a 

comparison operation representatively gets into look for on the point net of an insect pages having in it   

information  about the marked products, get taking part in competition products, read reviews, and make out pros 

and cons.  

In this paper, we chief place on having experience a group of like things given a Users input thing. For example, 

given a thing, Nokia N95 (a telephone), we need to discover like things such as Nokia N82, iPhone and so on. In 

general, it is hard to come to a decision if two things are like or not since people do make a comparison apples 

and oranges for different reasons. For example, Ford and Bmw might be like as automobile manufacturers or as 

market parts that their products are marking for attack, but we uncommonly see people making a comparison 

Ford chief place (automobile design to be copied) and Bmw 328i. Things also get more complex when a thing 

has several functionalities. For example, one might make a comparison iPhone and PSP as able to be taken about 

damaged and without full use player while make a comparison iPhone and Nokia N95 as mobile telephone. 

happily, great amount of by comparison questions are posted connected, which make ready facts supporting for 

what people need to make a comparison, e.g. which to give money for, iPod or iPhone We name iPod and iPhone 

in this example as comparators  In this paper, we make statement of the sense of words by comparison questions 

and comparators  as by comparison question. A question that has a design (to do) to make a comparison two or 
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more things and it has to say the name of these things clearly, with detail in the question. Comparator A thing 

which is a Target of comparison in a by comparison question. In harmony with to these clear outlines, Q1 and Q2 

below are not by comparison questions while Q3 is. IPod Touch and Zune HD are comparators .  

Q1: which one is better?  

Q2: is Lumix GH-1 the best camera?  

Q3: Whats the point or amount unlike between iPod Touch and Zune HD?  

The end, purpose of this work is mining comparators  from by comparison questions. The results would be very 

useful in helping. Users discovery of 650 IEEE bits of business thing which might take the place of another 

selections by suggesting like things based on other Users  before requests. To mine comparators from by 

comparison questions, we first have to discover whether a question is by comparison or not. In harmony with to 

our statements of, a by comparison question has to be a question with having attention fixed (on) to make a 

comparison at least two things. Please note that a question having in it at least two things is not a by comparison 

question if it does not have comparison conscious purpose. However, we observe that a question is very likely to 

be a by comparison question if it has in it at least two things. We with more power this knowledge and undergo 

growth a feebly oversaw bootstrapping way to make out by comparison questions and clear substance 

comparators at the same time. To our best knowledge, this is the first attempt to specially house the hard question 

on decisions at law good comparators to support Users comparison operation. We are also the first to make an 

offer using by comparison questions posted connected that give, have thought what Users  truly care about as the 

middle from which we mine like things. Our feebly oversaw way gets done 82.5% F1-measure in by comparison 

question say what a thing is, 83.3% in comparator  extraction, and 76.8% in end-to-end by comparison question 

say what a thing is and comparator extraction which outdo the most on the point state-of-the-art way by Jindal & 

Liu (2006b) importantly.  

2. Related Works 

2.1 overview  

In terms of making discovery of related items for a thing; our work is similar  to the research on recommender 

systems, which suggest items to a User . Recommender systems mainly have belief in on similarities  between 

items and/or their statistical  connections in User  record data. 

For example, Amazon puts (a person) forward products to its customers based on their own get to own histories, 

similar customers get to own histories, and similarity  between products. However, saying a good word for a one 

thing on a list is not equal to having experience a like one thing on a list. In the example of Amazon, the purpose 

of recommendation is to get their customers to join more items to their getting things at store carts by suggesting 

similar or related things on a list. While in the example of comparison, we would like to help Users have a look 

for things which might take the place of another, i.e. helping them make a decision among like things on a list. 

For example, it is reasonable to suggest iPod apparatus for making sound or iPod electric units if a User  is 

interested in iPod, but we would not make a comparison them with iPod. However, items that are like with iPod 

such as iPhone or PSP which were discovered in by comparison questions posted by Users  are hard to be 

predicted simply based on one thing on a list similarity  between them. Although they are all music players, 

iPhone is mainly a mobile telephone, and PSP is mainly an able to be taken about damaged and without full use 

apparatus. They are similar  but also different therefore request comparison with each other. It is clear that 

comparator  mining and one thing on a list recommendation are related but not the same.  

Our work on comparator  mining is related to the research on thing and relation extraction in information  

extraction (Cardie, 1997; Califf and Mooney, 1999; Soderland, 1999; Radev et Al 11., 2002; Carreras et Al 11., 

2003). Specifically , the most on the point work is by Jindal and Liu (2006a and 2006b) on mining by comparison 

groups of words making sense and relations. Their methods sent in name for part in a chain of events rules (CSR) 
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(book division 2, Liu 2006) and ticket giving name (joined to clothing) in a chain of events rules (LSR) (book 

division 2, Liu 2006) learned from annotated corpora  to make out by comparison groups of words making sense 

and clear substance by comparison relations separately in the news and paper fields (of knowledge). The same 

techniques can be sent in name for to by comparison question say what a thing is and comparator  mining from 

questions. However, their methods representatively can get done high precision but have pain from low have in 

mind, get memory of (Jindal and Liu, 2006b) (J&L). However, making certain high have in mind, get memory of 

is important in our person one is going to be married to attention to scenario where Users  can offspring not based 

on rules questions. To house this hard question, we undergo growth a weakly-supervised bootstrapping form, 

design learning way by effectively leveraging without mark, name questions.  

Bootstrapping methods have been made clear to be very effective in earlier information extraction researches 

(Riloff, 1996; Riloff and Jones, 1999; Ravichandran and Hovy, 2002; Mooney and Bunescu, 2005; Kozareva et 

Al 11., 2008). Our work is similar to them in terms of methodology  using bootstrapping way of doing to get out 

things with a special relation. however, our work is different from theirs in that it has need of not only getting 

from things (comparator extraction) but also making certain that the things are got from by comparison questions 

(by comparison question say what a thing is), which is generally not needed in IE work.  

2.2 Jindal & Liu 2006 

In this subsection, we give a short  account of the by comparison mining way made an offer by Jindal and Liu 

(2006a and 2006b), which is used as baseline for comparison and represents the state-of-the-art in this area . We 

first put into use for first time the statements of CSR and LSR rule used in their move near, and then make, 

moving in their by comparison mining way. Readers should say something about to J&Ls first form papers for 

more details. CSR and LSR CSR is an order rule. It maps an order good examples to a part C. In our hard 

question, C  is either by comparison or non-comparative. Given a getting together of orders with teaching room 

information, every CSR is connected to two parameters: support and self-belief. Support is the size of orders in 

the getting together having in it s as a subsequence. Self-belief is the size of orders made ticket giving name as C  

in the orders having in it the S. These parameters are important to value whether a CSR is safe, good or not. LSR 

is a making tickets giving name rule.  

It maps an input order form, design  to a made ticket giving name order  by giving another in place of one things 

like money  in the input order with a was pointed out ticket giving name (joined to clothing). This thing like 

money is has relation to as the ships hook. The ship's hook in the input order could be got from if it’s being like 

(in some way) ticket giving name (joined to clothing) in the made ticket giving name order is what we need (in 

our example, a comparator ).  

LSRs are also mined from an annotated corpus, therefore each LSR also have two parameters : support and self-

belief. They are in the same way formed as in CSR. oversaw by comparison Mining way J&L gave attention to 

by comparison punishment say what a thing is as an order hard question and by comparison relation extraction as 

an information  extraction hard question. They first done with the hands made come into existence a group of  

keywords such as rhythm, exceed, and out do that are likely marks of by comparison groups of words making 

sense. These keywords were then used as turns to make come into existence part-of-speech (Pos 20) order data . 

A done with the hands annotated corpus with teaching room information, i.e. by comparison or non-comparative, 

was used to make come into existence orders and CSRs were mined. A without experience Bayes classifier was 

trained using the CSRs as points.  

The classifier was then used to make out by comparison groups of words making sense. given a group of by 

comparison groups of words making sense, J&L done with the hands annotated two comparators  with tickets 

giving name (joined to clothing) $ES1 and $ES2 and the point made a comparison with ticket giving name 

(joined to clothing) $FT for each punishment. J&Ls way was only sent in name for to word used as name for 

person or thing and word used in place of a noun. To point being different word used as name for person or thing 

and word used in place of a noun that are not comparators or points, they added the fourth ticket giving name 

(joined to clothing) $NEF, i.e. non-entity-feature. These tickets giving name (joined to clothing) were used as 
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turns together with special small things (small thing position), #start (start of a punishment), and end (end of a 

punishment) to produce order data,orders with single ticket giving name (joined to clothing) only and least 

possible or recorded support greater than 1% are kept in mind, and then LSRs were made come into existence. 

When putting to use the learned LSRs for extraction, LSRs with higher secret were sent in name for first.  

J&Ls way have been proved effective in their testing organizations. However, it has the supporter’s feeblenesses: 

The doing a play of J&Ls way is dependent on heavily on a group of by comparison sentence give an idea about 

keywords. These keywords were done with the hands made come into existence and they offered no guidelines to 

select keywords for (thing) taken in. It is also hard to make certain the being complete of the keyword list. Users  

can send at special quick rate by comparison groups of words making sense or questions in many different ways. 

To have high have in mind, get memory of, a greatly sized annotated training corpus is necessary. This is a high 

in price process. Example CSRs and LSRs given in Jindal & Liu (2006b) are mostly a mix of Pos  loose ends and 

keywords. It is a surprise that their rules achieved high precision but low have in mind, get memory of. They 

gave most errors to Pos  ticketing errors. However, we person likely of wrongdoing that their rules might be too 

special and over fit their small training put We would like to increase have in mind, get memory of, keep from 

overfitting, and let rules to join discriminative lexical small things to make payment before work precision.  

In the next part, we put into use for first time our way to house these shortcomings.feebly oversaw way for 

comparator Mining Our feebly oversaw way is a good example based move near similar way but it is different in 

many aspects in place of using separate CSRs and LSRs our way try to learn secomparative question and extract  

comparators  at the same time In our move near an in a chain of events good example is formed as an order 

where can be a word a Pos  tag or a special sign signing either a comparator  C  or the start start or the end of a 

question end A in a chain of events good example is telephoned a give an idea about extraction form, design IEP 

if it can be used to make out by comparison questions and extract  comparators  in them with high always-

working We will formally make statement of the sense of words the always-working score of a good example in 

the next part Once a question matches a IEP it is put in order as a by comparison question and the things like 

money orders being like (in some way) to the comparator  machines of chance in the IEP are got from as 

comparators  When a question can match multiple  IEPs the longest IEP is used  as an outcome of that instead of 

done with the hands making come into existence a list of give an idea about keywords we make come into 

existence a group of IEPs We will make clear to how to become owner of IEPs automatically using a 

bootstrapping way with least possible or recorded overseeing by takeng advantage of a greatly sized without 

mark, name question group in the supporters parts The values made clear in part  make clear that our feebly 

oversaw way can get done high have in mind, get memory of while make payment before work high precision 

This form, design statements of is given impulse to by the work of Ravichandran and Hovy  Table  shows some 

examples of such in time-order designs We also let Pos force to limit on comparators  as made clear in the good 

example C  NN or C  NN end It means that a having force in law comparator 1 must have a NN Pos  tag.     

              

3. Mining gives an idea about extraction designs 

Our feebly oversaw IEP mining move near is based on two key things taken as certain If an in time-order good 

example can be used to extract  many safe, good comparator  twos it is very likely to be a IEP If a comparator  

two can be got from by a IEP the two is safe, good based on these two things taken as certain we design our 

bootstrapping Algorithm  as made clear in number in sign  The bootstrapping process starts with a single IEP 

From it we extract  a group of first seed comparator  twos For each comparator  two all questions having in it the 

two are got back from a question group and looked upon as by comparison questions From the by comparison 

questions and comparator twos all possible in time-order designs are produced and valued by measuring their 

always-working score formed later in the good example put value part designs valued as safe, good ones are IEPs 

and are added into a IEP repository Then new comparator  twos are got from the question getting together using 

the latest IEPs The new comparators  are added to a safe, good comparator  repository and used as new seeds for 

good example learning in the next iteration. 
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  All questions from which safe, good comparators  are got from are removed from the getting together to let 

having experience new designs with small amount of money in later iterations.The process iterates  until no more 

new designs can be discovered from the question getting together There are two key steps in our way  good 

example complete persons living time and good example put value. In the supporters parts we will give an 

account of them in details good example complete persons living time To produce in time-order designs we 

adjust the surface wording good example mining way introduced in Ravichandran and Hovy  For any given by 

comparison question and its comparator  twos comparators  in the question are gave another in place of with 

special sign Cs two special signs start and end are having love for to the start and the end of a sentence in the 

question Then the supporters three kind of in time-order designs are produced from orders of questions  

Lexical patterns: Lexical patterns giving an idea of in time-order designs made up of only words and special 

signs start and end They are produced by suffix. tree Algorithm Gus field  with two forces to limit A good 

example should have within more than one and its number of times in group should be more than an experience 

strong of purpose number made general designs A lexical good example can be too special Thus we make 

general lexical designs by giving another in place of one or more words with their Pos loose ends made general 

designs can be produced from a lexical good example having in it words keeping out (away from) is (became) 

expert with special knowledge designs. 

 In some cases a good example can be too general. For example although a question iPod or zone is by 

comparison the good example C 10 or C 10 is too general and there can be many no comparative questions 

matching the good example for example true or false. For this reason we act good example specialization  by 

adding Pos loose ends to all comparator  machines of chance. For example from the lexical good example and the 

question iPod or zone C 10 NN or C 10 NN will be produced as an is (became) expert with special knowledge 

good example. Note that made general designs are produced from lexical designs and the is (became) expert with 

special knowledge designs are produced from the has at need put off made general designs and lexical designs 

The last group of going up for position designs is a mix of lexical designs made general designs and is (became) 

expert with special knowledge patterns Comparative Question say what a thing is and comparator extraction. 

Pattern Evaluation(comparable questions): 

Lexical patterns:  

Lexical patterns indicate sequential patterns consisting of only words and symbols ($C, #start, and #end). They 

are generated by suffix tree algorithm with two constraints: A pattern should contain more than one $C, and its 

frequency in collection should be more than an empirically determined number. 

Generalized patterns:  

A lexical pattern can be too specific. Thus, we generalize lexical patterns by replacing one or more words with 

their POS tags. 2� − 1 generalized patterns can be produced from a lexical pattern containing N words excluding 

$Cs. 

Specialized patterns:  

In some cases, a pattern can be too general. For example, although a question “ipod or zune?” is comparative, the 

pattern “<$C or $C>” is too general, and there can be many non-comparative questions matching the pattern, for 

instance, “true or false?”. For this reason, we perform pattern specialization by adding POS tags to all comparator 

slots. For example ,from the lexical pattern “<$C or $C>”and the question “ipod or zune?”, “<$C/NNor 

$C/NN?>” will be produced as a specialized pattern. 

Pattern Evaluation(comparable questions): 

In complete knowledge about reliable comparator pairs. For example, very few reliable pairs are generally 

discovered in early stage of bootstrapping. In this case, the value of might be underestimated which could affect 
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the effectiveness of on distinguishing IEPs from non-reliable patterns. We mitigate this problem by a look ahead 

procedure. Let us denote the set of candidate patterns at the iteration k by  . We define the support � for 

comparator pair � which can be extracted by � � and does not exist in the current reliable set. 

4. Conclusion  

The power to get out desired pieces of information  from natural language texts is an important work with a 

growing number of possible & unused quality requests. Works having need of giving position of special facts in 

newsgroup notes or net of an insect pages are particularly making statement of undertaking requests done with 

the hands making such information  extraction systems is a hard work. However, learning methods have the 

possible & unused quality to help make automatic the development process. The system described here uses of 

relation learning to make unlimited pattern-match rules for information  extraction given only a knowledge-base 

of texts and made full templates. The learned designs use limited using rules of language and semantic  

information  to make out possible & unused quality narrow hole fillers and their coming, being, put all round 

makes sense clearer. outcomes from true to like applications put examples on view that fairly accurate  rules can 

be learned from relatively small groups of examples, and that its results are higher to a probabilistic way applied 

to a fixed-length makes sense clearer.    
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