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Abstract 

 
In today’s era where the competition is on the rise, the success of a business largely depends upon the way it can tackle 

the competition and rise above it. Most of the companies are highly investing in social-media platforms to advertise 

their products and at the same time to get feedback from the customers about their products. This system will enable 

these companies to know the reviews of the customers by filtering their reviews in three categories viz., positive, 

negative and neutral.  
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1. Introduction 

There are times when an organization wants to know the views of public or its customers. This system 

classifies tweets in tweeter into three categories viz., positive, negative and neutral. The user will have to 

just enter the keyword in the application and then this application will download all the tweets relevant to 

the keyword added by the user and after processing it, it will display the final result in the form of a graph. 

For example, if your company has 30% negative sentiment, is that bad? It depends. If your competitors 

have a roughly 50% positive and 10% negative sentiment, while yours is 30% negative, that merits more 

discovery to understand the drivers of these opinions. Knowing the sentiments associated with competitors 

helps companies evaluate their own performance and search for ways to improve. This application will not 

only classify those tweets on the basis of positive or negative words but also by learning the meaning of the 

phrase. Natural language processing techniques will be used to extract the meaning of the phrase and to 

classify those tweets into positive, negative or neutral. The main objective of this project will be to increase 

the accuracy of the application so that it can learn or understand the meaning of the phrase and can classify 

it accordingly and to generate the final result in a dynamic graph. 
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2. Literature Review 

     Sentiment analysis on social networks introduces additional challenges related with noisy content, 

shorter messages and user-specific issues [1]. Performance on the task is typically worse than in generic 

domains [2], hence novel approaches are being sought, addressing social network communication specifics 

by analyzing emoticons or utilizing specific vocabularies [3] [4]. 

     Our method for sentiment analysis of social network posts in Slovak language is based on machine 

learning with document level classification. We consider one document (a social network post) is assigned 

one sentiment value, so the mixed sentiment is not detected here (no aspect based analysis is employed). 

With the appropriate pre-processing and feature selection we aim to achieve accuracy as high as existing 

solutions in world languages [5] 

       In this paper a system which tries to answer a specific sentiment analysis problem described in the 

SemEval-2015 series will be taken as the base challenge to be improved. This falls under SemEval-2015 

task 10: Sentiment Analysis in Twitter (Rosenthal et al., 2015). Under the main task, five subtasks (A-E) 

are provided. Any team taking part can compete for the entire five subtasks or any preferred number of 

tasks [6] 

       Multi-class sentiment analysis has proven to be a very challenging task. This is mainly for the simple 

reason that a tweet usually does not contain a single sentiment, but many ones. In this paper, we propose a 

pattern-based approach for sentiment quantification in Twitter. By quantification, we refer to the detection 

of the existing sentiments within a tweet and the detection of the weight of these sentiments. In a first step, 

we classify tweets into positive, negative, or neutral.  

        Our approach reaches an accuracy of 81%. We then perform the sentiment quantification on the 

sentimental tweets (i.e., positive and negative ones) to extract the sentiments within them: we define 5 

positive sentiment sub-classes 5 negative ones and detect which exist in each tweet. We define 2 metrics to 

measure the correctness of sentiment detection and prove that sentiment quantification can be a more 

meaningful task than the regular multi-class classification. [7] 

3. Methodology 

In this paper we propose Naïve Bayes algorithm for analysis the sentiment of the tweets. A training set will 

be used to identify the tweets or phrase in three categories viz., ‘Positive’, ‘Negative’ or ‘Neutral’. A 

training set is a dataset in which a phrase is classified into two groups i.e., ‘positive’ and ‘negative’. A 

positive phrase is denoted with ‘1’ whereas a negative phrase is denoted with ‘0’. By using Naïve Bayes 

Algorithm, the probability of the phrase/tweet is counted and finally it is classified as ‘Positive’, ‘Negative’ 

or ‘Neutral’. 

4. Conclusions 

In-order to determine the nature of the tweet Naïve Bayes algorithm is used. Using datasets, it is possible to 

classify the nature of tweets. This project will be done in English; however, the proposed technique can be 

used with any other language, if language lexicon dictionary.  
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